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APRLICATION OF INFRARED SPECTRA TECHN IQUE BASD ON
LSSJPRORT VECTOR MACH INES TO THE NON-DESTRUCTIVE
MEASJREMBENT OF FAT CONTENT IN M ILK FONDER

WU Di, HE Yong, FENG Shui-Juan, BAO YiDan
(College of B iosystans Engineering and Food Science, Zhejiang University, Hangznhou 310029, China)

Abstract: Fat is an mportant camponent in milk povder It is very important o detect the fat content in milk povder fast
and non-destructively To achieve thispumpose, near and mid-infrared (400 6666am ") ectrosoopy technique was used
and least-squares upport vector machinewas applied o build a fat prediction model based on infrared ectra transnission
value The prediction result obtained from our model is better than that obtained fran the back propagation neural netvorks
(BPNN) while the detemination coefficient for prediction (R3) isQ 9796 and rootmean square error for prediction (RV -
SEP) isQ 8367. It is concluded that infrared gpectrosoopy technique can detect the fat content in milk powder fast and
non-destructively, and the process is smple and easy 0 operate Moreover, the prediction results based on thewhole infra-
red pectrawere compared with those based only on near infrared ectraormid-infrared gectradata The results showv that
the perfomances of the model based only on mid-infrared gectra or near infrared ectra data are a littleworse than those
based on thewhole infrared Pectra data
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